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Abstract : Classification of driving maneuver events is essential for generating lane-level maps, developing advanced driver
assistance systems, and analyzing driver behavior. Typically, maneuver events classification involves three key stages:
segmentation of driving data, extraction of features, and classification process. However, existing studies that used threshold-
based or sliding window approaches for segmentation have not adequately considered the various durations of maneuvers and
face difficulties in distinguishing consecutively occurring events. This paper presents a novel algorithm that exhibits a high
classification performance through segmentation using arc spline approximation and classification employing Convolutional
Neural Network (CNN) and Long Short-Term Memory (LSTM), enabling the precise identification of consecutively occurred
events. The effectiveness of this algorithm was validated using sensor data from real vehicle test drives in Sejong City, South
Korea.
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Nomenclature TP : true positive
FP : false positive
v : mean velocity FN : false negative
r : radius
S : scenario
p :score Subscripts
n’ : number of events for i scenario

i : scenario index
j t event index
Allocation : scenario index for allocation
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